Jobooobooobgobuobbobobooboobooon

o o o of oo o ot oo o of
0 0 ot o o o ot

gooooooooooooooooOoobo0oooooooOooOoOboOOObOObOO0ObOoOoOoooo0o
oddobooooooooooboOoooooooooobooOoooboOoOoOooooooOooboboOoOoOoo
gdooooooooooooooooooooobooOoooooooOooOobOObOOOOoOoboOoooo
goooooooooooboooooooooboboooOoooooooOOObOODbObOOOOoOoooDo
ooboooooooooooooooooOoOooOOob0OO0o00oOoooOoOoO0O0O0ob0oOoOoOoOoooo
ooboooooooooooooooooooooOoOOOcOO0O0OoboOoOoooooooboOoOoOoo
gooooooooOoobooOoooooooOoOoboOo0oOooooOoooOOOOO0O0b0ObOODODOODbDbO

Concept Drift Extraction and Analysis
by Using a Difference Model of Decision Tree

HirorumMt MATSUZAWA + HArRUNOBU KUBO,tt
Hisasut KASHIMA ,+ TsuyosHl IDEt and SHOHEI HIDOt

This paper proposes a new approach to concept drift analysis, which is a recent important
research topic in stream mining. While most of the conventional methods focus only on either
how to detect concept drift or how to measure the degree of change, our problem is how to
analyze the content of the change. Specifically, our method enables us to visualize the differ-
ence between two decision trees built at two different time points. Using a real-world data
set, we demonstrate the utility of our approach.
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Fig. 1 Algorithm for concept drift analysis
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